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Activity 3.4 - Researching with communities in and beyond Al
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> To understand the role of data in the Al Lifecycle

> To explore the role of communities in data
collection and curation

> To discuss what are the Problems / Challenges /
Benefits of citizen engagement
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PEAs in Pods

What is the purpose of the engagement?
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What is the purpose of the engagement? ———
Citizen science Co-production
Co-creation Participatory Al
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PEAS in Pods

Understanding Artificial
Intelligence

It's complicated!

Manchester
Metropolitan
University



Source: British Medical Journal - 120
] ] o _ Does “Al” stand for augmenting PEAs in Pods
Viewpoint — British Medical Journal inequality in the era of covid-19
healthcare? | The BMJ

Real world patterns of health Discriminatory
inequality and discrimination data
Unequal access Discriminatory Biased clinical Sampling biases and Patterns of bias and
and resource healthcare decision World — Data lack of representative  discrimination baked
allocation processes making I datasets into data distributions
Application U Desi Biased Al design and
injustices 56 < esiEn deployment practices
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Disregarding Exacerbating global Hazardous and Power imbalances in Biased and exclusionary Biased deployment,

and deepening health inequality and discriminatory repurposing agenda setting and design, model building explanation and system

digital divides rich-poor treatment gaps of biased Al systems problem formulation and testing practices monitoring practices


https://www.bmj.com/content/372/bmj.n304
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Al and Data - Challenges PE‘AJ-sminlfpds

ETHCAL ISSUES @

Bias / Representation Availability

Legal N

Data Protection
! Data Collection / Curation (
_ 2 for an Al application
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R Time / Cost
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Methods: Harvesting / Web Scraping / Harvesting / Data Mining /
Human / Automated / Crowdsourced / 3rd Party / In-house
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Data in the Al Lifecyle PEAS in Pods

Human Bias Human Bias

Collection of
Training Data Training the
and human Model
labelling

Validation and People see the
Testing of the output and act
based on it

Human Bias

Human Bias

Feedback Loop (Model controls next round of data that you obtain)

Manchester
Metropolitan
University




oo

PEAs in Pods

What could be the role of
Communities in Data Collection /
Curation in the context of Artificial
Intelligence?
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Take part
in audits

Validate
the results

Give
Feedback on
the model
performance

Give
feedback
on the
explanation

What are the Problems and PEAs in Pods

Challenges
and Benefits ?

Previous knowledge and
Skills

Understanding of the
application domain

How can it be done in
practice?
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Colloborgotive problern framing with frontline users
and/or offected stokeholders ensures Al cddresses local

needs e.g. Sepsis Watch, Porticipatory Modelling
R
4
( Probl em\‘

.-
Ethnographic methods with affected communities
gathering insights from lived experience
to suggest relevant dotao e.g. Project Jetson

Communities create dotasets for
low-resourced topics e.g. ORBIT,

Frontline workers guide data collection
and curation process e.g. Sepsis
Watch, Participatory Modelling

Consultation and deliberation with
representotive groups to estoblish
values and consensus for dota
governance e.g. ORES

Open crowdsourcing cnd
communities of practice to create
more diverse and occurate data
£.g Masakhane, Common Voice

Algorithm | 1R

Testing for Al blindspots by g . Eliciting notions of fairness from
frontiine users or the brooder | development 7 different stokeholders to set
public to evaoluate Al performance J benchmarks and evaluate Al
e.g. CATS4ML, Sepsis Watch performance e.g. WeBuildAl

Frontline users are trained
to spot and report Al errors
eg HITL Dorian

s || Deployment '| Community cudits ensure
and oversight | 5% yaiue alignment after
deployment e.g. ORES

.»
B
Ongoing oversight of Al and complaint mechanisms
by frontline users and cornmunities to encble
long-terrm governance e.g. ORES

Nesta - A framework for
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PEAs in Pods

operationalising participatory Al

Source: Participatory Al for humanitarian innovation (nesta.org.uk)
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Nesta - A framework for operationalising e
participatory Al it

Frontline workers guide dota collection ./.f' a Communities create dotasets for
and curation process e.q9. Sepsis ’ . low-resourced topics e.g. ORBIT,
Watch, Participatory Modelling Masakhane

Open crowdsourcing and Q\- Q Consultation ond deliberation with
communities of practice to create : e representative groups to establish
more diverse and occurcte doto values and consensus for dota
e.g. Masokhane, Common Voice M//’A\ governance e g. ORES

Source: Participatory Al for humanitarian innovation (nesta.org.uk)
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IPEAs in Pods

Does introduction of community
voice into data collection /
curation and labelling introduce
more bias or better data
representation? Why?
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Example - When describing how ArtificiaI]PE‘A'imp?dg

Intelligence “works” how do you refer to

data?
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Quantitate Verses Qualitative Data PEASs in Pods
What data do we collect when What other data can we collect
undertaking machine learning? (examples)?

Quantitative (Often)
« Accuracy.
 Confusion Matrix.

* Precision.

« EDI Monitoring data (Categorical e.g. gender)

« Surveys containing Likert Scale questions e.g. to
access explainability of a model from a user
perspective

> Recall. *  Free text answers > Quotes
* F-Score. « Consequence Scanning data to measure societal
« AUC(Area Under the Curve)-ROC ............ impact of new Al product and service
* Interview data (may require thematic coding)
o ‘M\\ -« Specific Funder related themes e.g. trust, confidence
-\
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Freely Given Informed Consent CONSENT PoLICIES

“Information for participants should
be provided in an accessible and
comprehensive format, typically in
written form (or in a form that
participants can access after the
end of the research interaction).

Time should be allowed for the
participants to consider their
choices and to discuss their
decision with others if appropriate.”

This Photo by Unknown Author is licensed under CC BY-SA-NC

Source: Consent — UKRI
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Participants Vulnerability PR RS
UKRI (2025) Policy states researchers should consider -
* participants’ vulnerability \f”g/ \""“/
« potential negative consequences or lack of personal benefits from their gy ]
involvement in research where these are expected [ s ) ' ( B,
« providing appropriate information to elicit freely-given informed consent h/ Cgmigfr:s ‘ tdy
for participation as well as information regarding data deposit and data re- s B
use (where deposit is possible) /Aymw e cw
* limits to confidentiality and occasions where this may occur f._\ contaenialty /‘ R Bt
* legal requirements of working with the specific population (including i Rh //Mk?‘hﬁ i
Disclosure and Barring Service clearance) L pr \ o)
* incentives and compensation for participation. L

This Photo by Unknown Author is licensed under CC BY

Source: UKRI, 2025 https://www.ukri.org/councils/esrc/guidance-for-applicants/research-ethics-guidance/research-with-potentially-vulnerable-people/
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PEAs in Pods

What are the Problems /
Challenges / Benefits of citizen
engagement in your own
research?
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